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Estimation method and dataset of visual attention for dashcam images
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The comparison of saliency maps between the static image and moving image
proved that the gaze is fixated ahead on the moving target object, and the target object can not be
gazed at for objects that change motion in a scene. Moreover, it was found that visual attention is
biased toward the moving direction of the target object and affected by the target object"s motion
before the motion changes.

The nighttime dataset of the dashcam image is created from the existing dataset of the daytime
dashcam image using the image transformation model for the Carla simulator and real images. A visual
attention model was proposed incorporating FOE from the optical flow and verified the model"s
effectiveness by predicting visual attention with high accuracy using the dashcam image dataset.
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Example Daytime Nighttime CycleGAN TSIT DRIT MNUIT Proposed
Carla
(Simulator
image)
INIT
(Real -
image)
(a) Qualitative result
Model Original (day) Original (night) Translated (night) FID (1)
Carla dataset INIT dataset
- v v x 102.8 114.7
CycleGAN x v v 65.8 56.7
TSIT x v v 84.6 72.9
DRIT x v v 176.7 96.4
MUNIT x v v 147.7 58.3
Proposed x v v 62.6 56.5

(b) Quantitative result. (]) indicates that the lower the score is, the better the model performance is.
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TRRBIRERE 2 IV CES L, HEfisEk S FOE OAEBIAZ B L=, #£ 1 IR TEHERE D
FOE & VERLREIR D& FLs & i WOAHES 2 fER8 L 72,

RRFZE CIZEH A A T BRI 2 EEEOERER O ERHE 20 LSE 5720, &K
R EHEET DHENE~y 7ET L (HD2S) AT T 4 WA T u—DEHETHD FOE Z#l
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# 2 HD?S (235 < & BRI

Tk cc () SIM (1) KLD (])
HD?S 0.585 0.499 1.22
ARFEL
0.658 0.558 0.956
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